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Figure 1: The infinite step function /(u) and the linear relaxation Au. For
A > 0 note that Au is a lower bound on I(u).
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Figure 2: The first KKT condition, V, fo(z*) + AV, fi(2*) = 0. The black
contours are the objective function, the red line is the constraint boundary.
At the optimal solution the gradient of the objective and constraint must
be parallel and opposing so that no direction along the constraint boundary
could give an improved objective value.






