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Automatic Recognition of Natural Language

Based on Pattern Matching
Feng Chunsheng Hao Aimin

(School of Computer Science & Engineering,Beihang University , Beijing 100083 )
Abstract: In order to promote the accuracy in the recognition of natural language,we describe a method based on
pattern matching.This method is not circumseribed in the analysis based on syntax—semantic,but considers both syntax
and project application in order to define the proper pattern.We put all of the different patterns into knowledge
database.When we need to recognize natural language,we match the natural language with the pattern,then pick up the
useful information.This paper describes the integrated process of the recognition,and expatiates the pattern’s definition,

analysis and pick-up,at last,validates the feasibility and accuracy in the experimental system.

Keywords: natural language recognition,natural language processing, pattern matching,SMS processing
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