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“o Which of the following is best suited for machine learning?

€ predicting whether the next cry of the baby girl happens at an
even-numbered minute or not

@ determining whether a given graph contains a cycle
® deciding whether to approve credit card to some customer

@ guessing whether the earth will be destroyed by the misuse of
nuclear power in the next ten years
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machine learning: improving some performance measure
with experience computed from data

improved

data :-» performance

measure

@ exists some ‘underlying pattern’ to be learned
—s0 ‘performance measure’ can be improved

@ but no programmable (easy) definition
—so0 ‘ML is needed

@ somehow there is data about the pattern
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B> (Reinforcement Learning)
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Machine Learning Algorithms (sampie)

Unsupervised | Supervised
® Clustering & Dimensionality : ®* Regression
Reduction ] o Linear
o SVD l o Polynomial
* Decision Trees
B P : * Random Forests
o  K-means |

Association Analysis ®* Classification

I
g |
o Apriori | o KNN
o FP-Growth : s
|
I

Categorical | Continuous
[ ]

®* Hidden Markov Model Logistic Regression

Naive-Bayes
SVM

O O 0
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