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1.1.1 python
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1.1.2 numpy
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1.1.3 pandas
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B : 10 Minutes to pandas

BIRERR . 70 Bh¥ € pandas
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1.1.5 TensorFlow
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* An overview of gradient descent optimization algorithms
* An overview of gradient descent optimization algorithms

* Introduction to Gradient Descent Algorithm (along with variants) in Machine Learning



