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The Research Advances of Knowledge Graph

School of Computer Science and Engineering, Southeast University, Nanjing 211189, China
QI GuiLin GAO Huan WU TianXing

- With the advent of big data era, knowledge engineering has attracted wide attention, as mining
knowledge from large-scale data is critical for big data analysis. Knowledge graph techniques provide a way
to extract structured knowledge from large-scale texts and images, thus have wide application prospect. In
this article, we first gave a brief overview of the history of knowledge graph, and discussed the importance of
knowledge graph research. We then introduced key technologies of knowledge graph, including techniques of
instance relation detection, techniques of knowledge fusion, techniques of instance mapping, and techniques
of knowledge reasoning. After that, we introduced some well-known open knowledge graph datasets. Finally,

we presented some use cases of knowledge graph in intelligence analysis.
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[title = Busan Metropolitan City

|area_km2 = 763.46
pop = 3635389
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RDF serialization

dbp:Busan dbp:title "Busan Metropolitan City"
dbp:Busan dbp:area__km2 "763.46" “xsd:float
dbp:Busan dbp:pop "3635389" "“xsd:int

dbp:Busan dbp:region dbp:Yeongnam
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